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I. INTRODUCTION 

ARTIFICIAL INTELLIGENCE (AI) is rapidly transforming higher 
education systems globally, reshaping how teaching, learning, 
assessment, and student support services are designed and 

delivered. Universities are increasingly adopting AI-enabled tools such 
as learning analytics systems, automated grading platforms, adaptive 
learning technologies, and predictive models of student success. These 
innovations are widely promoted as mechanisms to enhance efficiency, 
personalise learning experiences, and strengthen institutional decision-
making (Pedraja-Rejas et al., 2025). In parallel, international scholarship 
on inclusive education emphasises that technological innovation in 
higher education must be assessed not only in terms of efficiency gains 
but also through equity-oriented frameworks that foreground access, 
participation, and social justice across diverse learner populations, and 
this aligns with global debates on inclusive education that highlight the 
risk of digital exclusion and uneven benefits of EdTech across both 
Global North and South contexts. In the context of South African higher 
education, however, AI adoption is unfolding within a historically 
unequal system characterised by disparities in digital infrastructure, 
institutional capacity, and student preparedness (Judijanto, 2025). While 
AI offers significant opportunities for educational innovation and 
improved service delivery, it also raises critical concerns about fairness, 
accessibility, accountability, and inclusion (Apelehin et al., 2025). The 
increasing adoption of AI in higher education has created new 
opportunities for improving teaching, learning, and institutional 

efficiency. However, concerns remain regarding the extent to which 
existing policy and governance frameworks promote equitable 
outcomes for students. In many South African universities, AI 
technologies are being introduced without comprehensive governance 
mechanisms that adequately address algorithmic bias, transparency, 
data protection, and social inclusion. As a result, AI systems may 
unintentionally reinforce existing socio-economic inequalities rather 
than mitigate them (Sundaram & Wesselbaum, 2025). 

Current research on AI in higher education has predominantly 
focused on technological innovation, system optimisation, and broad 
ethical debates. Comparatively little attention has been given to how AI 
is governed within institutional contexts, particularly in developing 
countries such as South Africa (Khan et al., 2025; Hakimi et al., 2025). 
Furthermore, there is limited empirical evidence on how institutional AI 
policies translate into tangible equity and inclusion outcomes for 
students. This gap impedes the development of evidence-based 
governance frameworks that support fair and inclusive AI adoption in 
higher education. Against this backdrop, the study investigates the 
relationship between AI governance, policy frameworks, and equity in 
South African universities. It examines how AI is implemented across 
selected institutions, explores the governance structures that guide its 
use, assesses the implications of AI-driven educational practices for 
student inclusion and equity, and identifies strategies to enhance the fair 
and responsible deployment of AI. By providing empirically grounded 
insights from a structurally unequal context, the study contributes to 
both theory and practice. Its findings are expected to inform 
policymakers, university leaders, and educational practitioners seeking 
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to develop more inclusive, transparent, and accountable approaches to 
AI governance in higher education (Abulail et al., 2025). 

II. LITERATURE REVIEW 

AI in higher education has become a major focus of scholarly and 
institutional inquiry, driven by rapid advances in machine learning, 
learning analytics, and automation technologies. Recent studies in 
educational technology and AI in education (Yan et al., 2025) 
consistently demonstrate that AI is increasingly embedded in core 
university functions, including teaching, learning, assessment, and 
student support services. Applications such as intelligent tutoring 
systems, automated grading platforms, predictive analytics for student 
success, and adaptive learning environments are widely documented in 
the literature as tools that enhance efficiency, support personalised 
learning, and enable data-driven decision-making in universities. 
However, existing research also highlights critical concerns regarding 
algorithmic bias, limited transparency, ethical risks, and unequal access 
to digital tools (Boateng & Boateng, 2025), framing AI as a socio-
technical system shaped by institutional and societal power relations 
rather than a neutral innovation. While this body of work establishes 
important global and local insights into AI adoption and its implications 
for equity and governance, it remains largely descriptive in explaining 
how governance structures specifically translate into (or fail to ensure) 
equitable educational outcomes within contextually diverse higher 
education systems. This study addresses this gap by examining how AI 
governance frameworks shape fairness, inclusion, and institutional 
practice within South African universities, thereby moving beyond 
general critiques of AI ethics to a more situated analysis of governance 
and lived experience. Digital transformation has become a defining 
feature of higher education in South Africa, with universities 
increasingly adopting digital learning platforms, blended learning 
approaches, and data-driven administrative systems to improve access, 
quality, and institutional effectiveness (Sharma et al., 2025). Despite 
these advances, the pace and extent of digitalisation remain uneven 
across the sector. Historically advantaged universities are generally 
better positioned to implement sophisticated digital and AI 
technologies, while historically disadvantaged institutions continue to 
face challenges related to infrastructure, funding, and digital skills. 
These disparities reflect broader structural inequalities within South 
African higher education and raise concerns about the inclusivity of AI-
driven innovation. Within this context, equity and inclusion have 
emerged as critical considerations in higher education research. 
Contemporary scholarship emphasises that equity extends beyond 
access to encompass fairness in participation, educational outcomes, 
and institutional support (Bosio & de Wit, 2025). In South Africa, 
persistent socio-economic inequalities, linguistic diversity, and unequal 
access to digital resources continue to influence student experiences and 
success. The growing use of AI adds further complexity, as algorithmic 
systems may reproduce or amplify existing biases when not 
appropriately designed and governed (Peña-García et al., 2026). 
Consequently, researchers advocate for evaluating digital and AI-
enabled transformations through an equity and social justice lens. 

The governance of AI has therefore become a key area of inquiry. 
Governance frameworks are understood as the institutional rules, 
principles, and mechanisms that guide the design, deployment, and 
oversight of AI systems (Yannis & Gerasimos, 2026). However, evidence 
suggests that many higher education institutions, particularly in 
developing contexts, lack robust governance structures to ensure 
fairness, accountability, and transparency. To analyse these challenges, 
socio-technical systems theory highlights the interactions among 
technology, people, institutions, and policy environments that shape AI 
outcomes (Peng et al., 2025). Complementing this perspective, digital 
equity theory emphasises meaningful participation, skills development, 
and equitable outcomes in digital environments (Maluleke, 2025). 
Together, these frameworks provide a valuable foundation for 
understanding how AI governance can either reinforce or reduce 

inequalities in higher education. 

III. THEORETICAL FRAMEWORK 

This study is anchored in an integrated theoretical framework that 
combines AI governance models, equity and inclusion frameworks, and 
a multi-level governance perspective. Together, these perspectives 
provide a comprehensive lens for analysing how artificial intelligence 
(AI) policy and governance structures shape equity outcomes in South 
African higher education systems. More specifically, the framework 
synthesises socio-technical systems theory, digital equity theory, and 
multi-level governance into a unified conceptual model. Socio-technical 
systems theory highlights the interdependence between technological 
systems and the social, organisational, and institutional contexts in 
which they operate; digital equity theory provides a lens for examining 
how access, participation, and outcomes are distributed across diverse 
student populations; and multi-level governance explains how policy 
decisions, institutional practices, and stakeholder interactions jointly 
influence AI implementation. By integrating these perspectives, the 
study conceptualises equitable AI adoption as an outcome of dynamic 
interactions among technological design, governance structures, and 
social conditions, thereby offering a coherent framework for analysing 
how AI governance shapes inclusion and fairness in higher education. 

Governance models for AI 
AI governance models provide the foundational lens for 

understanding how artificial intelligence systems are regulated, 
designed, and implemented within institutional settings. Contemporary 
governance approaches emphasise principles such as accountability, 
transparency, fairness, explainability, and human oversight. Risk-based 
governance models, as reflected in international frameworks such as 
those advanced by the Muh (2025), classify AI systems according to their 
potential societal impact and prescribe corresponding levels of 
regulation and control. In higher education, these models highlight the 
need for institutional mechanisms that oversee AI applications in 
assessment, admissions, learning analytics, and student monitoring 
(Lampou et al., 2026). However, in practice, governance is often 
fragmented, with limited coordination between policy design and 
classroom implementation. Recent studies further show that 
universities often rely on general ICT or data protection policies rather 
than AI-specific governance instruments, creating regulatory gaps and 
accountability challenges. This study adopts the view that AI 
governance is not solely a regulatory function but a dynamic socio-
technical process involving continuous interaction between 
technological systems, institutional decision-making, and educational 
practice. 

Equity and inclusion frameworks 
Equity and inclusion frameworks provide a critical lens for 

evaluating the impact of AI in education, emphasising fairness, 
participation, and the removal of structural barriers affecting 
historically marginalised students (Assefa, 2025). In South African 
higher education, where inequalities continue to influence access and 
success, these frameworks are essential for assessing whether AI 
systems reduce or reinforce existing disparities. Research highlights the 
importance of distributive, procedural, and recognitional justice, while 
cautioning that algorithmic systems may reproduce bias when 
implemented without inclusive governance and participatory design 
processes (Shejale et al., 2025; Ahrweiler et al., 2025). Within the 
integrated conceptual framework, digital equity theory guides the 
study’s research questions and coding by focusing on access, inclusion, 
fairness, and participation, while socio-technical systems theory and 
multi-level governance theory inform the interpretation of how 
technological systems, institutional practices, policies, and stakeholder 
engagement interact to shape equitable AI outcomes. Together, these 
perspectives establish clear operational links between theory, data 
collection, thematic analysis, and the interpretation of findings. 
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IV. METHODS 

Research paradigm 
This study is guided by the interpretivist research paradigm, which 

holds that reality is socially constructed and understood through 
individuals' experiences and interpretations within their specific 
contexts. This paradigm is appropriate because it enables an in-depth 
exploration of how university leaders, academic staff, professional 
support staff, and undergraduate students perceive and experience 
institutional AI governance and its influence on equitable AI 
implementation. By focusing on participants' perspectives, the 
interpretivist paradigm provides a contextual understanding of the 
policies, practices, and governance processes that shape responsible and 
inclusive AI use in South African higher education. 

Research approach  
This study adopts a qualitative approach to explore how artificial 

intelligence policy and governance frameworks shape equity outcomes 
in South African higher education systems. Given the context-
dependent nature of AI governance, this approach enables an in-depth 
exploration of institutional practices, stakeholder experiences, and 
policy enactment processes (Tsao, 2025).  

Research design 
The study employs a single-case study research design supported by 

a multi-method strategy integrating interviews, focus groups, and 
document analysis. This design is advantageous because it enables 
comparative analysis across selected South African universities. It is 
widely recognised in AI governance research as particularly suitable for 
investigating how institutional contexts shape policy development and 
implementation outcomes (Attard-Frost & Lyons, 2025). Each university 
is treated as a distinct analytical case, enabling cross-case comparison of 
governance maturity, policy structures, and equity outcomes. This 
design is finally relevant in South Africa, where higher education 
institutions differ significantly in historical development, funding 
capacity, and digital infrastructure. 

Study context 
The study is situated within the South African higher education 

system, which is characterised by persistent structural inequalities, 
uneven digital transformation, and differentiated institutional capacity. 
Recent studies show that while some South African universities are 
early adopters of AI governance frameworks, many institutions remain 
in exploratory or aspirational stages of policy development (Sangwa, 
2025). This uneven adoption makes South Africa a critical empirical 
context for examining how AI governance intersects with equity and 
inclusion in higher education systems. 

Participants 
The study employed purposive sampling to select one South African 

university based on its engagement with digital transformation and the 
integration of artificial intelligence (AI) into teaching, learning, and 
institutional governance. The university was selected as an information-
rich case that could provide in-depth insights into institutional AI 
governance, policy development, and implementation. Within the 
selected university, participants were purposively sampled based on 
their knowledge of, experience with, or involvement in AI governance, 
policy development, and AI implementation in undergraduate 
education. 

A total of 48 participants took part in the study, comprising 16 
academic staff, 16 administrative personnel, and 16 undergraduate 
students with direct or indirect experience of AI-enabled systems. 
Purposive sampling ensured the inclusion of information-rich 
participants who could provide in-depth insights into institutional 
governance processes, policy implementation, and the equitable use of 
AI in higher education. 

 
Data collection methods 
Semi-structured interviews 
Semi-structured interviews were appropriate for this study because 

they facilitated an in-depth exploration of academic and administrative 

staff members’ experiences, interpretations, and perspectives regarding 
institutional AI governance structures and policy enactment. The 
flexible nature of this method allowed participants to elaborate on 
context-specific challenges, decision-making processes, and equity 
considerations associated with AI implementation. This approach 
generated rich qualitative data necessary for understanding the 
complex relationship between institutional governance practices and 
equitable AI adoption in higher education. 

Focus group discussions  
The focus group discussions were held with undergraduate students 

to capture experiential insights regarding fairness, inclusion, and access 
to AI-enabled learning tools.  

Documents analysis 
Document analysis was employed to examine institutional AI 

policies, digital transformation strategies, governance frameworks, and 
related documents shaping AI adoption in South African universities. 
The analysis provided insights into institutional priorities, governance 
arrangements, accountability mechanisms, and policy approaches to 
equity, transparency, and responsible AI implementation. It specifically 
examined how universities frame AI integration, establish 
implementation guidelines, and address issues of access, inclusion, and 
ethical use. Combining documentary evidence with stakeholder 
accounts enhanced the robustness of the analysis by enabling 
comparison between formal policy commitments and the realities of 
policy enactment (You et al., 2025). This method therefore contributed 
to a deeper understanding of how institutional policies facilitate or 
constrain transparent, accountable, and equitable AI governance in 
higher education. 

Research sites 
The study was conducted at one public university in South Africa, 

selected as an information-rich case due to its ongoing digital 
transformation initiatives and emerging integration of artificial 
intelligence (AI) in teaching, learning, and institutional processes. To 
ensure confidentiality, the institution is not identified by name. 
Operating within South Africa’s diverse higher education landscape, 
the university comprises multiple academic faculties, professional 
support divisions, ICT services, and administrative structures 
responsible for teaching, research, digital innovation, policy 
development, and institutional governance. The university’s 
decentralised governance model enables faculties, academic 
departments, and professional units to participate in institutional 
planning and technology implementation. The site provided a relevant 
context for examining AI governance because AI adoption, policies, and 
implementation practices were still evolving, allowing an in-depth 
exploration of how governance frameworks, institutional capacity, and 
stakeholder engagement shape equitable AI implementation in 
undergraduate education. 

Data analysis 
Data were analysed using thematic analysis, a widely used method 

for identifying patterns within qualitative datasets. The analysis 
followed a combined inductive and deductive coding process. 
Deductive coding was guided by the theoretical framework, including 
AI governance models, equity and inclusion principles, and multi-level 
governance structures. Inductive coding enabled the emergence of new 
themes directly from the data, particularly regarding institutional 
practices, the unintended consequences of AI adoption, and stakeholder 
experiences. The iterative coding process involved familiarisation, 
initial coding, category development, theme refinement, and synthesis 
into higher-order analytical themes. This approach aligns with 
established qualitative methodologies in AI education research 
(Cabanillas-García, 2025). 

Ethical considerations 
Ethical integrity was upheld in line with international research ethics 

standards 2026/02/14/34/MC Informed consent was obtained from all 
participants, with assurances of voluntary participation, anonymity, 
and the right to withdraw at any time. Data were securely stored and 
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protected through password controls and restricted access, and ethical 
clearance was granted prior to data collection. Given the sensitivity of 
AI governance discussions, additional safeguards such as pseudonyms, 
aggregated reporting, and careful presentation of findings were 
implemented to prevent the identification of individuals or institutions. 
Reflexive field notes were also maintained throughout the research 
process to minimise researcher bias and strengthen ethical rigour during 
data collection and analysis. These measures collectively ensured 
compliance with established ethical guidelines for educational research 
involving human participants and sensitive institutional data (Bertram 
et al., 2025). 

To preserve participant confidentiality, pseudonymous 
alphanumeric codes were assigned to all participants. The first identifier 
denotes the participant category, with A representing academic staff, 
AD representing administrators, and S representing undergraduate 
students. The final number identifies the individual participant within 
each category (e.g., A3 refers to Academic Staff Participant 3, L3 refers 
to Lecturer Participant 3, AD2 refers to Administrator Participant 2, and 
S5 refers to Undergraduate Student Participant 5). This coding system 
ensured participant anonymity while enabling the systematic analysis 
of diverse stakeholder perspectives within the selected public 
university. 

V. RESULTS 

Emergent themes 
Analysis of interviews with academic staff and institutional 

administrators indicates that AI integration in South African higher 
education is largely fragmented, experimental, and unevenly 
institutionalised, often emerging through isolated projects rather than 
coordinated governance structures. A3 highlighted the fragmented 
nature of institutional AI adoption, stating that: 

“AI is not something the university has fully planned for; it arrives in 
departments through different projects”  

This reflects limited systemic planning. Policy documents similarly 
show that AI is typically embedded within broader ICT or digital 
transformation strategies rather than treated as a distinct governance 
domain (Singun, 2025). Student focus groups further reveal uneven 
exposure to AI tools across institutions, with disparities attributed to 
differences in institutional capacity and faculty adoption, alongside 
limited operational guidance for equitable implementation and 
standardised access. Together, these findings indicate that 
fragmentation is both experiential and structural, reflecting a clear 
disconnect between policy rhetoric and classroom realities, and 
highlighting uneven institutional readiness alongside weak translation 
of governance frameworks into practice (Khodabin & Arsalani, 2025). 

A synthesis of interview and focus group data alongside policy 
analysis indicates that AI adoption is not governed through coherent 
institutional frameworks but through decentralised decision-making 
processes. Administrators acknowledged that governance 
responsibilities are often distributed across departments, leading to 
inconsistent implementation. This structural fragmentation creates 
uncertainty in accountability and weakens institutional capacity to 
ensure equitable outcomes. As AD5 stated,  

“We are still trying to figure out who actually owns AI governance in the 
university”  

Rather than operating as a unified innovation system, AI in South 
African higher education emerges as a patchwork of disconnected 
practices shaped by institutional readiness and resource disparities. 
Schiff (2025) emphasises that such fragmentation is common in 
emerging AI ecosystems where governance maturity is still evolving. In 
this context, student experiences of inconsistency are not anomalies but 
structural outcomes of underdeveloped governance systems. This 
interpretation is strengthened by linking observed institutional 
variation directly to governance capacity, showing that uneven AI 
adoption reflects systemic differences in policy implementation rather 
than isolated institutional shortcomings. This reinforces the need for 

integrated institutional AI frameworks that can align policy intent with 
practice and reduce disparities across higher education settings. 

Governance gaps in AI implementation 
A critical theme emerging from interview transcripts with faculty 

and administrators is the absence of explicit AI governance frameworks 
across institutions. Participants consistently reported uncertainty 
regarding rules governing the ethical use of AI in assessment, teaching, 
and student monitoring. One A2 noted,  

“We are using AI tools, but there is no formal policy explaining how they 
should be regulated”  

This reflects a governance vacuum between technological adoption 
and institutional oversight. Dai (2025) argues that AI is rarely governed 
directly and is instead subsumed under ICT policies or academic 
integrity frameworks that lack specificity for algorithmic systems. 

Insights from student focus group discussions highlight the practical 
consequences of governance gaps, particularly regarding opacity in AI-
enabled academic systems. Students raised concerns about automated 
grading and predictive analytics. S12 highlighted this concern, stating 
that: 

“We do not know when AI is marking our work or how those marks are 
calculated.” 

This reflects uncertainty about how decisions are produced and 
validated. This perceived lack of transparency contributes to 
diminished trust in institutional assessment processes and raises issues 
of procedural fairness. Institutional documents further reinforce these 
concerns, as they rarely outline clear mechanisms for explanation, 
appeal, or review of AI-generated decisions, thereby limiting 
accountability structures. These findings demonstrate that transparency 
and accountability gaps operate not only as policy deficiencies but are 
experienced directly by students as procedural inequities, highlighting 
the need to strengthen explainability and redress mechanisms within AI 
governance frameworks in higher education 

Policy document analysis shows a strong focus on compliance areas 
such as data protection, cybersecurity, and digital innovation, but 
limited translation of AI ethics and governance principles into 
operational guidelines for classroom or assessment use. This reflects 
early-stage AI governance maturity in higher education (Şen et al., 2026) 
and aligns with broader global “governance voids” where regulation 
lags technological development (Elayah, 2025). Lack of transparency in 
algorithmic systems may reinforce inequality (Lockwood & Brown, 
2025), as reflected in student accounts of uncertainty and reduced trust 
in AI-driven decision-making and institutional fairness. 

Inequities in AI access and use 
Evidence from interview transcripts with academic staff reveals 

pronounced inequalities in access to AI-enabled educational tools across 
institutions. Participants from well-resourced universities reported the 
structured integration of AI systems into teaching and assessment, 
whereas those from under-resourced institutions reported minimal 
exposure. L8 stated,  

AI is available in some departments, but not across the “university.”  
This highlights the uneven distribution of technological resources. 

Institutional documents corroborate this disparity by acknowledging 
infrastructural differences, including bandwidth limitations and 
uneven ICT investment across campuses. 

Findings from focus group discussions with students further 
illustrate how these inequalities manifest in lived educational 
experiences. Students in high-resource institutions described using AI-
based tutoring systems, automated feedback platforms, and adaptive 
learning tools. In contrast, others reported reliance on traditional 
teaching materials and limited digital interaction. A S5 expressed that  

“AI is something we hear about, but we don’t actually get to use it” 
. 
These disparities reflect broader socio-economic inequalities 

embedded within the higher education system. 
The findings align with the digital equity literature, which shows that 

technology often reproduces rather than reduces educational inequality 



Int. j. sud. incl. educ.                                                                                    Lumadi, 2026 

98 

(Ahluwalia, 2025). Algorithmic systems can disadvantage marginalised 
groups (Parinsi et al., 2025), reflected in student experiences where 
unequal access to AI tools affects participation and perceptions of 
fairness in learning environments. 

Role of institutional capacity 
Analysis of interview transcripts with administrators and ICT 

personnel demonstrates that institutional capacity is a decisive factor in 
shaping the effectiveness of AI governance. Participants from well-
resourced universities described structured digital ecosystems 
supported by trained personnel and clear innovation strategies. One 
AD4 stated,  

“Our ability to implement AI depends entirely on whether we have the 
technical and human capacity to support it”.  

In contrast, under-resourced institutions reported fragmented 
systems and reliance on external vendors, limiting internal control over 
AI deployment. 

Focus group discussions with students indirectly reflected these 
capacity differences through disparities in learning experiences. 
Students in high-capacity institutions reported smoother integration of 
AI tools into coursework, while others experienced system instability, 
limited access, and inconsistent implementation. A S3 noted,  

“Everything works better in some universities; we are still struggling with 
basic systems.”  

These differences significantly shape perceptions of institutional 
quality and fairness. 

Institutional policy documents further highlight uneven capacity 
development across universities. While some institutions provide 
detailed digital transformation roadmaps, others lack specific 
implementation frameworks for AI governance. Even in more advanced 
institutions, AI is often treated as experimental rather than 
systematically embedded. Onunga (2025) emphasises that institutional 
readiness is a core determinant of successful AI governance, particularly 
in education systems undergoing digital transition. 

The literature emphasises institutional capacity as key to equitable 
outcomes, with governance effectiveness dependent on readiness, 
expertise, and infrastructure (Maheshwari et al., 2025). Capacity gaps 
can produce unequal learning experiences (Shabalala & Photo, 2025), as 
reflected in student accounts in which institutional capacity shapes 
educational opportunity and perceptions of fairness. 

Faculty and student experiences 
Insights from faculty interview transcripts reveal ambivalence 

towards AI integration in teaching practices. While many lecturers 
acknowledged AI’s potential to enhance efficiency and support student 
learning, they also expressed concerns about insufficient training and a 
lack of institutional support. One A9 stated,  

“We are expected to use AI tools without proper guidance or structured 
training.” 

This highlights the gap between institutional expectations and actual 
preparedness. Institutional policy documents rarely address 
pedagogical training or classroom-level implementation strategies for 
AI. Focus group discussions with students revealed experiences that 
were similarly mixed. Students appreciated AI tools for improving 
access to information and providing academic support, but also 
expressed concerns about reduced human interaction and unclear 
evaluation processes. S6 expressed a recurring concern regarding the 
impact of AI on assessment outcomes, stating that: 

“AI helps us, but sometimes we do not understand how it affects our marks.”  
This reflects uncertainty surrounding algorithmic decision-making in 

educational contexts and a desire for greater transparency and human 
oversight. Institutional policy documents largely emphasise academic 
integrity, innovation, and digital transformation but provide limited 
guidance on pedagogical integration or student-centred AI design, 
creating a disconnect between policy intentions and classroom realities. 
While Daher (2025) highlights the need for alignment between 
governance frameworks and pedagogical practice, and Tsabary and 
Hewitt (2025) describe “structured uncertainty” in digital learning 

environments alongside Yang and Lu’s (2026) concerns about 
transparency, student experiences show that AI-mediated learning is 
shaped by both benefits and uncertainties. Building on these insights, 
this study extends existing theory by demonstrating that effective AI 
integration depends not only on governance–pedagogy alignment but 
also on the lived experiences of students and faculty within uneven 
institutional contexts, thereby challenging deterministic accounts of AI 
adoption and showing that pedagogical outcomes are co-constructed 
through governance capacity, institutional readiness, and user agency. 

VI. DISCUSSION 

The findings of this study show that the relationship between AI, 
governance structures, and equity outcomes in South African higher 
education is shaped by fragmented institutional arrangements, uneven 
capacity, and underdeveloped policy ecosystems, resulting in 
misalignment between policy intent, institutional readiness, and 
classroom realities. Rather than a unified transformation agenda, AI 
adoption emerges as a distributed socio-technical process. Situating 
these results within broader Global South higher education contexts 
further demonstrates that similar challenges of infrastructural 
inequality, policy fragmentation, and uneven digital readiness are 
evident across regions such as Sub-Saharan Africa, South Asia, and 
Latin America, indicating that the patterns observed are not unique to 
South Africa but reflect wider structural constraints in resource-limited 
higher education systems. 

Interpretation of findings 
The study reveals that AI implementation in South African 

universities is largely characterised by policy fragmentation and 
governance ambiguity, where AI tools are introduced without coherent 
institutional oversight. The absence of dedicated AI governance 
frameworks leads to what participants described as “AI arriving in 
departments without coordination” and “systems being used without 
clear rules”. This indicates that AI is not yet institutionalised as a 
regulated educational infrastructure but rather as an emergent set of 
tools embedded within broader ICT strategies. Institutional policy 
documents reinforce this interpretation, as AI is frequently subsumed 
under digital transformation or data governance frameworks rather 
than addressed explicitly as a distinct governance domain. A second key 
interpretation concerns structural inequities in access to and use of AI 
systems, where students’ experiences vary significantly across 
institutional contexts. The findings show that while some universities 
provide access to AI-enabled learning environments, others lack even 
basic infrastructure to support such technologies. Students’ accounts, 
such as AI, are something some students use; not all of us highlight how 
digital divides are being reproduced within higher education systems. 
This unevenness suggests that AI is not a neutral innovation but one 
that is mediated by institutional capacity, socio-economic background, 
and infrastructural inequality. 

A further interpretation concerns the central role of institutional 
capacity as a mediating factor in governance effectiveness and equity 
outcomes. Universities with stronger technical infrastructure and 
governance systems demonstrate more structured AI adoption, while 
under-resourced institutions rely on fragmented, ad hoc 
implementation. This aligns with administrators’ reflections that 

“Implementation depends on whether we have the technical capacity to 
support it”  

The findings suggest that governance effectiveness is not merely a 
policy issue but also a capacity issue, where institutional readiness 
determines whether AI contributes to inclusion or reinforces exclusion. 
Finally, the findings highlight that faculty and student experiences are 
shaped by uncertainty, uneven support, and limited transparency in AI 
systems. Lecturers reported inadequate training and unclear 
pedagogical guidance, while students expressed concerns about opaque 
algorithmic decision-making in grading and learning analytics. These 
experiences suggest that AI integration is currently experienced as a 
disruptive rather than enabling force, particularly in contexts where 
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governance frameworks are weak or absent. 
Comparison with existing literature 
The findings strongly align with existing scholarship that frames AI 

in higher education as a governance-lagging innovation system. Ahmed 
et al. (2025) emphasise that AI adoption in education frequently 
outpaces regulatory development, leading to gaps in accountability, 
transparency, and ethical oversight. Similarly, Bratton et al. (2026) argue 
that educational AI operates within black-box infrastructures, where 
decision-making processes remain opaque to both educators and 
students. The present study extends these arguments by demonstrating 
how such opacity manifests concretely in South African universities 
through unclear assessment systems and limited institutional 
accountability mechanisms. The observed inequalities in access and use 
of AI tools are consistent with digital equity literature, which 
emphasises that technological adoption often reproduces existing social 
inequalities rather than resolving them (Hammerschmidt et al., 2025). 
Rasheed et al. (2025) further highlight that AI systems in education can 
widen disparities when access to infrastructure, skills, and institutional 
support is uneven. The findings of this study confirm these concerns, 
particularly in student accounts describing unequal exposure to AI-
enabled learning environments. In this sense, South African higher 
education reflects broader global patterns of stratified digital 
transformation. 

Institutional capacity as a determinant of AI governance effectiveness 
also aligns with recent empirical studies on African higher education 
systems, which highlight disparities in readiness, infrastructure, and 
policy maturity (Sangwa, 2025). These studies note that while South 
Africa is relatively advanced in digital transformation compared to 
other African contexts, significant internal disparities remain across 
institutions. The present findings reinforce this, showing that capacity 
differences strongly influence whether AI is used strategically or 
inconsistently. Finally, the experiences of faculty and students 
correspond with international research highlighting the pedagogical 
uncertainty of AI integration. Shilo et al. (2026) emphasise that AI 
introduces “structured ambiguity” into educational environments, 
where benefits coexist with confusion and lack of clarity. Recent OECD 
and UNESCO reports similarly stress the need for teacher training and 
student awareness to ensure meaningful AI adoption. The present study 
confirms these insights by showing that both lecturers and students 
experience AI as simultaneously beneficial and uncertain, due to limited 
clarity in governance and institutional support. 

Implications for AI governance and equity 
The findings have significant implications for AI governance in 

higher education, particularly in contexts marked by historical 
inequality, such as South Africa. The absence of dedicated AI 
governance frameworks suggests an urgent need for institutions to 
move beyond ICT-centric policies toward comprehensive AI 
governance architectures. These should explicitly address algorithmic 
accountability, transparency in automated decision-making, and ethical 
oversight of data-driven systems. Li (2026) emphasises that effective 
governance must include clear institutional responsibilities and 
enforceable guidelines, rather than aspirational policy statements. 

The findings highlight the necessity of equity-centred AI governance 
frameworks that explicitly address access disparities. Without targeted 
intervention, AI risks reinforcing existing inequalities in higher 
education systems. Institutions must therefore prioritise inclusive 
digital infrastructure, equitable access to AI tools, and support for 
students with low digital literacy. This aligns with Wongmahesak, 
Karim, and Wongchestha (2025), who stress that AI in education must 
be designed to mitigate, rather than amplify, structural disadvantage. 

The study underscores the importance of capacity-building as a 
governance strategy. Institutional readiness is not only a technical 
requirement but also a governance condition. Universities must invest 
in staff training, digital literacy development, and interdisciplinary AI 
literacy programmes for both educators and students. Without such 
capacity, governance frameworks risk remaining symbolic rather than 

operational. 
The findings suggest that AI governance must be treated as a socio-

technical, participatory process that involves not only policymakers and 
administrators but also faculty and students. Incorporating stakeholder 
voices into governance design can enhance transparency, legitimacy, 
and responsiveness. This is particularly critical in contexts where 
students currently experience AI systems as opaque and externally 
imposed. 

Theoretical contributions 
This study contributes to theory in three key ways. It extends socio-

technical systems theory by demonstrating how AI in higher education 
operates as an interdependent system shaped by policy, institutional 
capacity, and user experience. The findings show that AI outcomes 
cannot be understood through technological analysis alone but must be 
interpreted through the interaction between governance structures and 
lived educational experiences. 

The study advances digital equity theory by illustrating how equity 
in AI-mediated education extends beyond access to include 
transparency, interpretability, and procedural fairness. Students’ 
concerns about opaque grading systems and unequal access 
demonstrate that equity must be understood as a multidimensional 
construct encompassing access, participation, and algorithmic justice. 

The study contributes to multi-level governance perspectives by 
empirically validating the interaction between state, institutional, and 
classroom-level dynamics in shaping AI outcomes. It shows that 
governance failure at any level, policy design, institutional 
implementation, or classroom practice, can undermine equity outcomes 
across the system. 

The study reframes AI in higher education not as a purely 
technological innovation but as a governance-dependent socio-technical 
transformation, in which equity outcomes are contingent on 
institutional coherence, capacity, and inclusive policy design. 

Policy and practical implications 
The study underscores the need for stronger AI governance and 

equity-focused digital transformation in South African higher 
education. Findings suggest that inadequate governance frameworks 
may exacerbate existing inequalities. However, the successful 
implementation of policy recommendations depends on institutional 
capacity, particularly within historically disadvantaged and resource-
constrained universities facing infrastructure, funding, and skills-
related challenges. To enhance feasibility and sustainability, AI 
governance initiatives should be phased, context-sensitive, and 
supported by capacity building, inter-institutional partnerships, and 
targeted government investment. Addressing these barriers is essential 
to ensure that AI adoption promotes inclusion rather than deepening 
disparities across the higher education sector. 

Institutional governance recommendations 
At the institutional level, universities must transition from 

fragmented digital transformation strategies to dedicated AI 
governance frameworks that explicitly regulate the use of AI in 
teaching, learning, assessment, and student support. Such frameworks 
should define clear roles and responsibilities for AI oversight, including 
establishing institutional AI ethics committees or digital governance 
boards. These structures should ensure accountability, transparency, 
and consistency in AI-related decision-making. 

Institutions should also implement algorithmic transparency 
mechanisms that require documentation of how AI systems are used in 
assessment, grading, predictive analytics, and student monitoring. 
Clear appeal procedures must be established to allow students and staff 
to challenge AI-generated decisions. Furthermore, universities should 
integrate AI literacy training into staff development programmes to 
ensure that faculty are adequately equipped to engage with AI tools in 
pedagogically sound and ethically responsible ways. 

National higher education policy implications 
At the national level, the study highlights the urgent need for the 

Department of Higher Education and Training (DHET) to develop a 
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comprehensive national AI policy framework for higher education. 
Current policy environments primarily address digital transformation 
broadly, without specific provisions for AI governance, ethics, or equity. 
A national framework should establish minimum standards for AI 
deployment across universities, ensuring consistency in accountability, 
transparency, and ethical use. National policy should also incorporate 
equity-sensitive AI governance principles, ensuring that AI adoption 
does not exacerbate existing disparities between historically advantaged 
and disadvantaged institutions. This includes targeted funding 
mechanisms to support AI infrastructure development at under-
resourced universities, as well as national guidelines for inclusive 
digital transformation that align with Maimela and Mbonde’s (2025) 
recommendations on trustworthy AI in education. 

AI procurement and regulation guidelines 
The findings indicate that AI procurement processes in universities 

are often fragmented and externally driven, with limited institutional 
oversight. To address this, universities and national bodies should 
adopt standardised AI procurement guidelines that require ethical 
compliance, transparency in vendor selection, and assessment of 
algorithmic fairness before deployment. Procurement frameworks 
should mandate algorithmic impact assessments (AIAs) before 
adopting AI systems to evaluate potential risks related to bias, data 
privacy, and unequal outcomes. Vendors should be required to provide 
explainability documentation, auditability features, and compliance 
with data protection regulations such as POPIA. Additionally, 
procurement contracts should include clauses that ensure institutional 
ownership of data and hold those responsible for system failures or 
biases accountable. 

Strategies for inclusive AI adoption 
To ensure that AI contributes to inclusion rather than exclusion, 

universities must adopt equity-centred implementation strategies. This 
includes investing in digital infrastructure across all campuses to reduce 
disparities in access to AI-enabled tools. Institutions should prioritise 
low-bandwidth and mobile-friendly AI solutions to accommodate 
students in resource-constrained environments. Inclusive adoption also 
requires strengthening digital literacy and AI competency programmes 
for both students and staff. These programmes should go beyond 
technical training to include critical AI literacy, enabling users to 
understand algorithmic bias, data ethics, and the socio-political 
implications of AI systems. In addition, universities should adopt 
participatory governance models that involve students and academic 
staff in the design, evaluation, and monitoring of AI systems. 

Finally, institutions should establish continuous monitoring and 
evaluation mechanisms to assess the equity impact of AI systems over 
time. This includes collecting disaggregated data on student outcomes, 
access patterns, and system performance to identify and address 
emerging inequalities. By embedding equity monitoring into 
institutional governance structures, universities can ensure that AI 
functions as a tool for educational inclusion rather than systemic 
exclusion. 

VII. CONCLUSION 

This study explored how AI policy and governance frameworks 
shape equity outcomes in South African higher education systems. 
Drawing on qualitative evidence from interview transcripts, focus 
group discussions, and institutional policy documents, the findings 
reveal that AI adoption remains uneven, fragmented, and insufficiently 
governed across institutions. While AI is increasingly integrated into 
teaching, assessment, and student support, its implementation is largely 
driven by innovation agendas rather than coordinated governance 
strategies. The study identified key challenges, including the absence of 
explicit AI governance frameworks, significant inequities in access and 
use of AI tools, and disparities in institutional capacity. Faculty and 
student experiences further highlighted concerns about limited 
transparency, insufficient training, and uncertainty around AI-driven 
decision-making. Collectively, these findings demonstrate that AI in 

South African higher education currently operates as a fragmented 
socio-technical system, where equity outcomes are contingent on 
governance maturity and institutional readiness. 

The study makes several important contributions to knowledge. 
Empirically, it provides context-specific insights into AI governance in 
South African universities, a setting that remains underrepresented in 
global literature. Conceptually, it advances understanding of AI in 
higher education as a governance-dependent phenomenon, extending 
socio-technical systems theory and digital equity theory by illustrating 
how policy, institutional capacity, and lived experiences interact to 
shape outcomes. The study also contributes to the emerging discourse 
on multi-level governance by demonstrating how gaps at institutional 
and classroom levels undermine broader policy intentions. By 
foregrounding equity as a central analytical lens, the research shifts the 
conversation from technological innovation toward inclusive and 
accountable AI implementation in higher education systems. 

Despite its contributions, the study has several limitations, including 
restricted generalisability due to its qualitative design, a focus on 
institutional and stakeholder perspectives without large-scale 
quantitative data, and the rapidly evolving nature of AI technologies, 
which means findings reflect a specific temporal context. These 
limitations are appropriate to the methodological approach but indicate 
the need for caution when extrapolating results across broader higher 
education settings. They also highlight important directions for future 
research, particularly the value of mixed-methods and longitudinal 
designs that integrate quantitative measures of student outcomes and 
system performance, as well as comparative multi-country studies to 
validate and extend findings across diverse higher education contexts 
amid rapidly evolving AI governance landscapes. 

Future research should extend this study through mixed-methods 
and longitudinal designs that combine qualitative insights with 
quantitative analysis of student outcomes, access patterns, and AI 
system performance, alongside comparative cross-national studies to 
better understand how differing policy environments shape AI 
governance in higher education. Additional attention is needed on 
student agency, algorithmic accountability, and pedagogical 
transformation in AI-mediated learning environments to support 
evidence-based and equitable policy development. More broadly, these 
research priorities have significant implications for international 
inclusive education policy and governance, as they respond to shared 
global challenges of digital inequality, algorithmic decision-making, 
and uneven institutional capacity, underscoring the need for 
comparative evidence to inform globally coherent, equity-oriented AI 
governance frameworks across both Global North and Global South 
contexts.  
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